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From Training Variation to Match Performance
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Structuring Physical Variables
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High Speed
Running
(HSR)
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Observing Physical Variables in Time
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Normalizing to Compare Players Fairly
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Calculating Magnitude of Variation/Oscillation O
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Cluster Analysis Over Training Physical Variables O




Cluster Analysis Over Training Physical Variables O
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Associating with Player's Next Match Physical Variables @&
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Associating with Player's Next Match Physical Variables @&
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Good News (1) 0OF
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Good News (2) (3 B0
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